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The business practice of adjusting prices using algorithms powered by artificial intelligence—known as 

AI pricing—has grown rapidly and spread across many sectors in the economy. Unlike traditional price 

setting, AI pricing uses predictive analysis of large data sets to incorporate real-time changes in 

supply and demand conditions into pricing decisions. This enables businesses to adjust prices more 

quickly in response to unexpected changes in market conditions and monetary policy. Industry-level 

evidence suggests that price adjustments are more sensitive to monetary policy in sectors where AI 

pricing is more prevalent. 

 

When you book a flight, reserve a hotel room, or shop online, the quoted prices may vary depending on the 

day and time of your search or even the platform used for the search. Companies are increasingly using 

advanced algorithms powered by artificial intelligence (AI) for setting such prices. AI pricing enables 

companies to adjust their product prices more rapidly in response to changes in supply and demand 

conditions. Thus, the rise of AI pricing, if widespread in the economy, could fundamentally change the 

effectiveness of monetary policy in stabilizing inflation and employment fluctuations. For example, if policy 

tightening leads to larger drops in inflation because of widespread usage of AI for pricing, then the policy 

would have smaller impacts on employment and production.    

 

This Economic Letter documents some facts about the recent developments in business adoption of AI pricing 

based on online job postings data. The data suggest that AI pricing adoption has grown rapidly during the 

past decade, and its adoption has spread across many sectors in the economy. There is also evidence that 

prices are more sensitive to changes in monetary policy in sectors where AI pricing is more prevalent.  

The rise of AI pricing 

Studying the economic impact of AI pricing requires reliable data sources that cover a broad set of firms and 

sectors in the economy. Since we do not have direct information that helps measure firms’ adoption of AI 

pricing, we construct a proxy for AI pricing adoption using online U.S. job postings data from Lightcast, a 

data set that covers online job postings in the entire economy from 2010 onward. The idea is that, if a firm 

posts a job that requires AI pricing skills, then the firm is likely an adopter of AI pricing or plans to adopt it.  

 

Following Adams et al. (2026), we use a two-step procedure to identify job postings that require skills related 

to AI pricing. First, we identify jobs that require AI-related skills using the textual analysis approach of 

Acemoglu et al. (2022), focusing on advanced technologies such as machine learning, cloud computing, and 

AI chatbots. Second, within the categories of AI-related jobs, we identify pricing jobs by searching for the 
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keyword “pricing” in the job titles, skill requirements, and job descriptions. An AI pricing job is one that both 

requires AI-related skills and contains the keyword “pricing.”  

 

We are primarily interested in studying how the adoption of AI pricing might affect price adjustments 

following a change in monetary policy. For this purpose, we compute the share of AI pricing jobs posted by 

each publicly traded firm. Since we do not have firm-level price data, we use industry-level price indexes for 

our analysis. Accordingly, we add up the number of AI pricing jobs posted by all firms within each industry to 

obtain an industry-level indicator of AI pricing adoption.  

 

Figure 1 shows AI pricing jobs as a share of 

all pricing jobs (green line) in our sample 

from 2010 to 2025. The share surged from 

0.12% in 2010 to 3% in 2025, with 

accelerated growth after 2015. Despite 

rapid growth, the share of AI pricing jobs 

remains modest, reaching about 3% by 

2025. The post-2015 accelerated growth of 

AI pricing was accompanied by a similar 

accelerated growth of overall AI job 

postings (blue line). As a result, AI pricing 

jobs as a share of all AI jobs remained 

stable. During the same period, the share of 

pricing jobs in all jobs fell about 40%, 

potentially reflecting the job displacement 

effects of AI pricing (see, for example, 

Adams, Liu, and Miller 2026).  

 

Figure 2 shows a snapshot of the cross-

industry distribution of AI pricing adoption 

(green bars) and AI adoption (blue bars), as 

proxied by the shares of job postings in 

2025. While AI adoption was concentrated 

in a few sectors such as information 

technologies, finance and insurance, and 

professional and business services, AI 

pricing adoption was more widespread, 

extending to sectors such as transportation, 

education, and health care. The figure also 

shows that the shares of AI pricing job 

postings vary substantially across 

industries.  

 

Figure 1 
Shares of AI job postings and AI pricing job postings 

 
Source: Lightcast and authors’ calculations. 

Figure 2 
Industry-level shares of AI pricing jobs and AI jobs, 2025 

 
Note: Share of AI pricing job postings in all pricing job postings (green bars) and the 
share of AI job postings in all job postings (blue bars) in different industries.  
Source: Lightcast and authors’ calculations. 
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AI pricing and effects of monetary policy 

AI pricing can be used by companies to customize their product prices for different consumers and thereby 

raise profit margins (see Adams et al. 2026 for a detailed discussion). AI pricing can also enable companies to 

adjust their prices more frequently in response to changes in market conditions and monetary policy.  

 

We examine whether AI pricing has led to larger price adjustments following changes in monetary policy. For 

this purpose, we combine our online job posting data with industry-level price indexes from the Bureau of 

Economic Analysis (BEA), along with a measure of monetary policy surprises developed by Bauer and 

Swanson (2023). The Bauer-Swanson methodology identifies unexpected changes in monetary policy, so-

called surprises, by analyzing high-frequency changes in financial market indicators within narrow windows 

surrounding Federal Open Market Committee (FOMC) announcements. The underlying principle is 

straightforward: If a policy change were fully anticipated, financial markets would remain stable following the 

announcements; conversely, market reactions would indicate unanticipated effects (or surprises) of policy 

announcements. Following Bauer and Swanson’s approach, we further refine the surprise measure by 

removing the influence of predictive macroeconomic and financial variables. We use the resulting quarterly 

time series to measure unexpected monetary policy changes, with a sample period from the first quarter of 

2010 to the fourth quarter of 2019.  

 

We then compare the responses of price adjustments to monetary policy surprises across industries with 

different shares of AI pricing job postings. For this purpose, we use a local projections model—a statistical 

tool proposed by Jordà (2005)—to estimate how the price level of an industry responds over time to a 

tightening of monetary policy that is equivalent to a 1 percentage point unanticipated increase in the federal 

funds rate in a given quarter. We compare the price responses for industries with low and high AI pricing 

adoption rates, as proxied by the job postings. The model takes into account how unexpected monetary policy 

changes interact with other macroeconomic variables.  

 

In the final step, we measure the response 

of the industry price index relative to its 

pre-shock level each quarter over a period 

up to 12 quarters after the initial increase in 

the federal funds rate. We compare those 

responses across industries with different 

shares of AI pricing job postings.  

 

The solid line in Figure 3 shows the effects 

of an unanticipated tightening of monetary 

policy on the price index in an industry with 

an above average share of AI job postings 

relative to that in an industry with an 

average share. The shaded area shows the 

confidence band, which contains the 

responses to the monetary policy tightening 

Figure 3 
Monetary policy tightening effects on industry-level prices 

 
Note: Quarterly response to an unexpected 1 percentage point tightening of 
monetary policy of the price index of an industry with an above average share of AI 
pricing job postings relative to that in an industry with an average share. Solid line 
indicates the point estimates; shading indicates the 90% confidence band.   
Source: Lightcast, BEA, and authors’ calculations. 
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90% of the time, indicating the statistical uncertainty around the estimates.  

 

The figure shows that, following a tightening of monetary policy, prices in an industry with an above average 

share of AI pricing decline more than those in an industry with an average share. The relative responses of 

industry prices to the policy tightening are persistent and reach their largest impact about 10 quarters after 

the initial policy surprise. Following a monetary policy tightening that raises the federal funds rate by 1 

percentage point, the estimated responses imply that the price index of an industry with a share of AI pricing 

jobs that is one standard deviation (1.7%) above average would fall an extra 0.17% at the two-year horizon, 

compared to an industry with an average share of AI pricing. This relative price response, although 

statistically significant, is economically small—which is perhaps not surprising because the AI pricing share 

remains small in our sample, despite its rapid growth over the past decade. 

Conclusion 

Online job postings data suggest that the adoption of AI pricing has grown rapidly over the past decade and 

been incorporated across a broad set of industries. The level of the AI pricing job share remains relatively 

small, although evidence suggests that this new pricing technology has already modestly increased the 

sensitivity of prices to unexpected monetary policy changes. If the adoption of AI pricing continues to grow, 

which is a likely scenario, it would effectively increase the flexibility of price adjustments and thereby amplify 

the effects of unexpected monetary policy changes on inflation.  
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